Abstract Identifying driving forces behind agricultural land conversion (ALC) remains one of the most difficult challenges that agricultural and environmental scientists must continually deal with. The difficulty emerges from the fact that in ALC, multiple actions and interactions between different factors (i.e., economic, political, environmental, biophysical, institutional, and cultural) exist and make it difficult to understand the function of the processes behind the changes. The phenomenon of ALC in different countries is varied in terms of intensity, trends and drivers. The main goal of this study was to understand these drivers in Northeast Iran through applying structural equation model (SEM). Using multi-stage stratified random sampling, 101 executive officers participated in the study. Data were collected through a structured questionnaire. A multi-stakeholder analysis and a mixed-method (qualitative and quantitative) approach were applied. Results revealed that not only from the policy makers' perspective but also based on the SEM, Beconomic^, Bpolitical^, Btechnological^, Bsocial^and Benvironmental^factors should respectively be the five major drivers of ALC. The results also showed that among other drivers, Bmore profitability of non-agriculture sectors^, Bexcessive rising of land prices^, Bfarmers' income instability^, Bland fragmentation^, Burban sprawl^and Binheritance laws^are the main six causes of ALC. Hence, it can be concluded that policy-makers and planners need to take these drivers and subsidiaries more into consideration in order to properly respond to ALC.
Introduction Agricultural Land Conversion
Land conversion (LC) is widely defined as a process characterized by converting the land from one type of use to another. In most reported cases, the conversion happens from agricultural to urban uses (Teshome 2014; Thuo 2014; Dewan et al. 2012; Azadi et al. 2011; OECD 2009 ). This is a worldwide phenomenon (Firman 1997 ) that is seen inevitable during periods of economic development and population growth (Tan et al. 2009 ). LC often goes hand in hand with land use policies that may result in problems such as evictions, loss of farmlands, and food insecurity. Among various types of LC, agricultural land conversion (ALC) is known as the most important one (Loehr 2012) . In many countries, especially in those where agriculture is the major source of income, ALC is realized as the most important type of LC. ALC plays a key role in changing the earth's surface (Billington et al. 1996) . Agricultural management practices and cropping patterns have a vast effect on the biogeochemical cycles, freshwater availability and soil quality. Agriculture also plays an important role in emitting and storing greenhouse gases (Roson and Palatnik 2009; World Bank 2010) . Accordingly, agricultural land is fundamental to the lives of poor people in rural areas since it is the main source of food, shelter, income, and social equity for them (ILC 2012) . Hence, a realistic description and prediction of ALC is essential for land use policy makers.
ALC is the result of many interacting processes and drivers which operate over a range of scales (both spatial and temporal) and impact human and his environment (Munroe and Müller 2007; Schneeberger et al. 2007; Omrani et al. 2015) . Uncontrolled ALC has great impacts on environment in general and agricultural products in particular. Therefore, many countries have tried to preserve their agricultural lands from being converted to other uses (Lichtenberg and Ding 2008) . Uncontrolled ALC shows why we are recently at a Btipping point^, or a crisis, for the future of family farming and rural societies (Anseeuw et al. 2012) .
The importance of ALC is not only because it currently has the biggest transformative power on the earth (Asadi et al. 2014 ) but also because in the last 50 years, several regions of the world have seen stabilization in cropland areas, and in some areas, there has even been a decrease (Ramankutty et al. 2006) . For example, according to the 2012 and 2013 edition of the FAO Statistical Yearbook, during 1970 -2009 , Iran's arable land per person has decreased 2.1 % (FAO 2012 (FAO , 2013 . According to Iran's Statistical Center, agriculture is one of the most important sectors of the country's economy that currently constitutes 10 % of the Iranian GDP and 18.2 % of the total employment and agricultural products form about 30 % of the country's non-oil exports (Azadi and Barati 2013) . In Iran, agricultural lands have more rapidly changed over the past 50 years than any time before and are expected to accelerate in the future (Bahrami et al. 2010 ). According to Barati et al. (2015) , Land Affairs Organization of Iran (LAOI) has reported that between 1995 and 2010, more than 74,755 ha of agricultural lands have changed to non-agriculture uses although other sources have reported these changes up to 200,000 ha. According to some studies (Azadi and Barati 2013; Asadi et al. 2014 ), during the current decade, the trend of ALC in Iran has intensely increased and will be on the rise. All this shows that ALC is now becoming as one of the most important challenges and threats for agriculture and food security in the country. Nevertheless, so far, not only have all the government policies and plans failed to control ALC, but also some of them have exacerbated it (Azadi and Barati 2013) . Therefore, understanding and analyzing the drivers of ALC and its relationships are extremely important for Iranian agricultural policy makers to design the conservation strategies aiming to approach food security and sustainable agriculture.
Agricultural Land Conversion Drivers
There are many processes driven by biophysical and socioeconomic drivers that shape landscape patterns and determine their spatial organization (Van Doorn and Bakker 2007) . Hersperger and Bürgi (2007) divide these driving forces into five groups: cultural, natural/spatial, political, economic and technological. The cultural driving forces set the societal framework while the natural/spatial configurations drive the physical background for other driving forces. Individual actors of landscape change can rarely modify these two groups of driving forces. Political and economic driving forces are strongly interlinked since economic needs and pressures are reflected in political programs and economic instruments are used to implement political driving forces. Lastly, technological driving forces are discussed in the context of political and economic changes of agricultural lands. Such a complex nature of ALC has made its driving forces, their relationships and processes extremely important for different stakeholders including scientists, agricultural land managers and policy makers to create appropriate strategies that can preserve agricultural lands from being converted to other uses.
Many countries have tried to preserve agricultural lands from being converted to other uses (Lichtenberg and Ding 2008) while others have been acting passively or launched inappropriate plans to control ALC. Logical structural model connecting to the drivers or causes of ALC has been developed based on available empirical studies and several major theories and models about ALC. According to the conceptual model shown in Fig. 1 , the main drivers of ALC could be classified into the five following groups similar to Hersperger and Bürgi (2007) classification; i.e., economic (EcoC), social (SociC), political and planning (PoliC), environmental (EnviC) and technical (TechC). This model is a conceptual model which includes five latent variables and twenty observed variables. BThe latent variables can be viewed as well-defined variables measured with error or as theoretical constructs that cannot be measured objectively, but for which proxies are observed^ (Meijer et al. 2008: p. 1) . Many studies simplify reality and only focus on a small number of ALC drivers ).
Many descriptive approaches and case studies also focus on a few drivers (e.g., Baumgartner 2003; Antrop 2005) . Likewise, there is a few ALC studies which provided a more comprehensive analysis through identifying various driving forces of arable land conversion from different aspects such as Xie et al. (2005) in China who developed an integrated research approach to investigate how policy changes and socioeconomic factors affect ALC. Furthermore, Nzaku and Bukenya (2005) in the Southeast US analyzed the complex linkages among factors including employment, population, and farmland density. In addition, Zondag and Borsboom (2009) developed a multi-sectoral overview of the main driving forces of land use change in different sectors (including agriculture) in the Netherlands. They considered demography, technology, market development, and policies as the main factors influencing ALC. However, these is still a lack of comprehensive analysis considering the driving forces simultaneously from economic, social, political and planning, environmental, and technical dimensions. Given that, since this study aimed at providing deeper insights into the more complex ALC, a comprehensive approach has been chosen and possible drivers from all the five types are considered.
The economic factors are derived from consumer demands, market structure and structural changes, as well as governmental subsidies and incentives. According to the previous studies (Farrington et al. 2008; Helming et al. 2008; Petit et al. 2008; Azadi et al. 2011; Litman 2011; Petit and Frederiksen 2011; Azadi and Barati 2013; Asadi et al. 2014) , the main economic drivers of ALC include rising of land prices (EcoC2), rising prices of agricultural inputs (EcoC7), difficulties to obtain bank facilities (EcoC8) and financial support Poor or lack of appropriate insurance in agriculture (EcoC9) whereas the main social drivers consist of giving more attention to urban and industrial development than agriculture and rural development (SociC1), changing the life style of the new generation (SociC2), Changing the life style of the new generation (SociC7), increasing the contacts of farmers with urban population (SociC8), utilization of agricultural lands (SociC10) and low social status of farmers than other people (SociC11). The socioeconomic driving forces are primarily rooted in the economy. Today, the market economy, globalization, and the effects of WTO (World Trade Organization) agreements are especially strong drivers. Since socioeconomic requirements are expressed in political programs, laws and policies, the socioeconomic and political driving forces are strongly interlinked.
Furthermore, drivers such as urban sprawl (PoliC1), inheritance laws and its impact on land fragmentation (PoliC3), lack of a systematic approach in planning and policy making (PoliC9), conflict of land conservation laws with other laws (PoliC10) and weakness of administrations and institutions about the ALC (PoliC11) can be considered as the main political drivers of ALC (Azadi and Barati 2013; Azadi et al. 2011 ). On the other hand, technology has shaped the landscape enormously (Grübler 1994) . When using improved and modern technologies in agriculture, demand for labor will decrease. The technologies will create labor surplus in the agricultural sector. Such laborers will look for jobs in urban areas and therefore more lands will be required for more services in response to the growing economy and population. Therefore, the more cities expand to fringe areas, the more the possibility of ALC can be expected (Azadi et al. 2011) . Furthermore, land fragmentation derived from such a rapid expansion of urban areas is another factor leading to more severe ALC (Teshome 2014; Dewan et al. 2012) . Recently in Iran, the lands are more fragmented and this trend has aggravated the ALC (Azadi et al. 2011) . The environmental configurations drive the physical background for other driving forces. The environmental drivers include characteristics and processes of the natural environment such as weather and climate changes (EnviC4) and increasing plant and animal pests and diseases (EnviC5) (Verburg et al. 2004 ). All these five variables have considerable effects on ALC and each other as well. On the other hand, ALC may also have an effect on these variables (Azadi and Barati 2013) .
Structural Equation Model
Identifying and evaluating the driving forces behind ALC remains one of the most difficult exercises that agricultural and environmental scientists must continually address. The difficulty emerges from the fact that in ALC, multiple actions and interactions between different factors (e.g., economic, political, environmental, biophysical, institutional, and cultural) come into play and make it difficult to understand how the processes behind ALC work. Since analyzing ALC generally requires an integrated approach that considers multiple disciplines, data sources and methodological constructs, using advanced methods is necessary to help us explore these factors and processes (Basse et al. 2014) . In this regard, different advanced methods, such as Structural Equation Model (SEM), have been applied to date in order to investigate ALC Paré et al. 2008; Verburg et al. 2008; Wyman and Stein 2010) .
SEM is an estimating method that can handle a large number of exogenous and endogenous factors as well as non-observed (latent) variables that are specified as linear combinations of observed (measurement) factors (Salarzadeh Jenatabadi and Noorazina 2014). SEM also called simultaneous equation model that is a multivariate (multiequation) regression model. Unlike the traditional multivariate linear model, the response variable in one regression equation in an SEM may appear as a predictor in another equation. In other words, variables in an SEM may influence one-another reciprocally, either directly or through other variables as intermediaries. These structural equations are meant to represent causal relationships among variables in the model (Fox 2002) .
Objectives
The main objective of this study is to examine the main drivers of ALC in Northeast Iran using SEM. To achieve this aim, first, the methodology of the paper is described. Second, the results are explained. Third, the research findings are discussed. Finally, a conclusion is drawn with regard to the main findings of this study.
Methodology Study Area
The study area is located in the Khorasan-e-Razavi province in Northeast Iran. The province covers about 11.6 million hectares ( 
Data Collection and Sampling Method
The study dataset was prepared using the detailed information collected through interview. In other words, the views of the executive officers were summarized to provide the dataset for further analysis. Given that, the present study was based on a field survey using a structured questionnaire to collect the executive officers' views about the main drivers of ALC. A panel of experts approved the content validity and Cronbach's alpha coefficient was used to test the reliability of the questionnaire. The first step to prepare the questionnaire was to conduct a literature review followed by a qualitative interview on the main drivers of ALC. Lastly, the main drivers of ALC (totally 47 indicators) were identified. Next, these identified drivers were classified into five main groups (economic, social, political, environmental, and technical). Afterwards, these drivers were translated into a questionnaire. Then, the questionnaire was pre-tested. The final questionnaire was sent to the executive officers (EOs) who were totally 135 persons among whom 101 officers were randomly selected. EOs are professional managers who specialize in resource and system. In other words, an EO is generally a person responsible for running an organization although the exact nature of the role varies depending on the organization performance. The officers were asked to express their opinions with regard to each driver using the Likert continuum (1: Bno effect on ALC^, 2: Blittle effect on ALC^, 3: Bsomewhat effect on ALC^, 4 Blarge effect on ALC^, and 5 Bgreat effect on ALC^). According to Eq. 1, the sample size was calculated based on Solvin's formula (Rivera 2007; Azadi et al. 2011 ), as follow:
Where n is sample size, N is population and e is the percentage of the imprecision of sampling that can be tolerated (no more than 5 %). The sample was therefore estimated using Eq. 2 as below:
The data analysis method used in this study was coefficient of variation (CV) and structural equation model (SEM) using the LISREL software V.8.8 (Jöreskog and Sörbom 1993) . For fitting the SEM model of agricultural land conversion drivers (ALCD), at first, through factor analysis, 20 observed variables were selected (out of 49 observed variables). These variables altogether could explain more than 75 % of the total variance of which explained by all the observed variables. The composite reliability value for each latent variable was calculated to examine the reliability of the latent variables. To do so, the Eq. 3 was applied (Diamantopoulos et al. 2000) .
Where Pc is Composite reliability, λ is Indicator loadings, θ is Indicator error variance (i.e., variances of the δ or ε) and Σ is Summation over the indicators of the latent variables. Table 1 shows the composite reliability of all five latent variables included in the structural ALC model. The statistical analysis was carried out using SPSS and LISREL software. According to this table, the observed variables have been able to measure the latent variables properly. Since composite reliability of the latent variables is more than 0.7, according to George and Mallery's (2003) rules, all they are probably a reasonable goal, among which the most important variable is respectively realized as economic variable (0.801), Social variable (0.784), Technological variable (0.739), Environmental variable (0.714) and Political variable (0.700).
Results

ALC Drivers
According to the interviewees' opinions (Table 2) , economic, political, technological, social and environmental drivers are (with 0.397, 0.399, 0.421, 0.437 and 0.459 of coefficients of variation) realized as the most important drivers of ALC, respectively.
As Table 3 shows, three main economic drivers were respectively Bmore profitability of non-agriculture sectors than agriculture sector^, Bexcessive raising of land prices during recent years^and Bfarmers' income instability^. It also seems that some economic drivers such as lack of appropriate insurance or bank facilities and financial supports have less important roles in ALC.
Among the social drives (Table 4) , three drivers including Bmore attention to urban and industrial development rather than agricultural and rural development^, Bchanges in the life style of the new generation^and Bless interests of farmers' children in agricultural activities^are the main social drivers of ALC whereas Blow social status of farmers than other people^, Butilization of agricultural lands Band Baging of farmersâ re respectively the least important social drivers. Table 5 shows that Burban sprawl^, Binheritance laws and its impact on land fragmentation^and Black of coordination among the organizations related to ALCâ re the main political drivers of ALC. The other drivers are the direct results of lack of systematic thinking, accurate planning, policy-making and also weakness in legislation. Although, according to the interviewees' opinion, Bweakness of administrations and institutions^is one of the ALC drivers, it is less important than the others.
The main environmental drivers of ALC are Blarge fluctuations and reduced groundwater levels^, Black of people and farmers familiarity with sustainable development issues^and Bsoil degradation and erosion^, respectively (Table 6 ). The table reveals that among the environmental drivers, those associated with land and water are more important than others whereas Black of people and farmers' awareness about sustainable development issues^is also important. As mentioned by the respondents, Bland fragmentation^plays a key role in ALC (Table 7) , and Breducing water resources and water productivity^as a main input for agricultural production, is another main important driver for ALC. Furthermore, Bshortage of human resources for monitoring ALC^is an important cause for ALC while the role of other inputs such as seeds, pesticides, fertilizers and technology is less than land and water inputs.
Structural Equation Model of ALC Drivers (ALCD)
Using factor analysis to model the drivers of ALC, twenty main drivers (observed variables) were detected (Table 8 and Fig. 3 ). The SEM can be divided into two parts; the measurement model which relates measured variables to latent variables and the structural model that relates latent variables to one another. Table 8 indicates the main parameters which are estimated for measuring part of the SEM. As shown in the table, all the correlations are significant. This means that the observed variables could, to a large extent, estimate the latent variables. In addition, according to the λ values, the EcoC7 (Difficulties to obtain bank facilities and financial support), SociC7 (Changing the life style of the new generation), SociC11 (Aging of farmers), PoliC3 (Low stability of policies and programs in the agricultural sector), EnviC4 (Increasing plant and animal pests and diseases) and TechC3 (Lack of appropriate agricultural inputs (seeds, pesticides and fertilizers)) respectively explain the most amount of the variance of EcoC, SociC, PoliC, EnviC, and TechC. Finally, the Pc (value for structural part of the model) column indicates that these observed variables can explain an acceptable amount of the variance for the five main ALC drivers. Since the goodness of fit for the statistics of the measurement part of the model is acceptable, the assessment of the structural parts of the model can be done. Table 9 indicates the parameters which are estimated for the structural part of the model. As shown in Table 9 , all proposed relationships in Fig. 3 are significant. According to the Υ column, EcoC, PoliC, TechC, SociC and EnviC have respectively greater effects on the variance of ALC and are considered as the main drivers of ALC. These five main groups of the ALC drivers together explain 82 % of the total variance of ALC which is acceptable. Finally, Table 10 shows the goodness of fit for the SEM of ALCD. These statistics indicate that the ALCD model has a good fitness. Therefore, the final SEM of ALCD that is shown in Fig. 3 is acceptable.
According to the ALCD model (Fig. 3) , economic, political, technical, social, and environmental drivers can respectively explain the total variance of ALCD. This finding totally confirms the executive officers' views about the main drivers of ALC although there is a little difference between the results of this model and their view in subsidiary drivers. For example, based on the ALCD model, and unlike the executive officers who selected EcoC1 (more profitability of non-agriculture sectors than agriculture sector) as the most important economic driver, EcoC9 (the weakness of network markets and marketing of agricultural products) is realized as the most important driver of EcoC. From the political dimension, the most important driver based on the ALCD model is PoliC3 (low stability of policies and programs in the agricultural sector) while the most important one based on executive officers' view was PoliC14 (urban sprawl). Among the technical drivers, the most important one detected is TechC3 (lack of appropriate agricultural inputs (seeds, pesticides and fertilizers)) in the model while TechC6 (land fragmentation) is introduced as the most important driving force based on the executive officers' view. For the social drivers, unlike the executive officers' point of view who selected SociC6 (more attention to urban and industrial development rather than agricultural and rural development) as the most important driver, SociC7 (Change in the life style of the new generation) and SociC11 (aging of farmers) are detected as the most important drivers according to the ALCD model. Finally, among the environmental divers, EnviC4 (Increasing plant and animal pests and diseases) has the most important role among the environmental drivers in the ALCD model while EnviC3 (large fluctuations and reduced groundwater levels) was understood as the most important driver among the executive officers. As shown in Table 9 , and as opposed to the respondents' view, those which explain higher variance of ALC, are different from what have been introduced by the respondents.
Discussion and Conclusion
Many studies (Billington et al. 1996; Bahrami et al. 2010; Azadi et al. 2011; Azadi and Barati 2013; Asadi et al. 2014) have noted that the ALC is a very complex phenomenon and is increasing severely. As a result, exploring its drivers is one of the most important tasks and difficult challenges for agricultural policy makers. Conversion of agriculture to other uses is considered as an inevitable phenomenon around the world, especially in developing countries like Iran (Azadi et al. 2011) . According to the results of this study, despite subsidiary drivers of ALC are different based on the SEM analysis and executive officers' view, economic, political, technological, social and environmental factors are respectively realized as the five major drivers of ALC (not only in the view of the executive officers but also based on the SEM). According to these results and previous studies (Azadi and Barati 2013; Asadi et al. 2014 ), all these drivers have an impact on ALC and each other.
Based on the SEM model of ALCD, 82 % of the total variance of ALCD can be explained by the five main ALC drivers. The most amount of this variance can be explained by economic followed by the political drivers. These results and the findings resulted from similar studies Long et al. 2007; Liu et al. 2008) confirm that socioeconomic plus political drivers can be the main drivers of ALC. According to Antrop (2005) , Murayama (2009), Weng (2007) and Hersperger and Bürgi (2009) , economic processes often contribute to the ALC. The high importance of economic and political drivers also is critical for agricultural planners and other people interested in managing the agriculture development. If one assumes that the relevant suite of drivers is not radically changing in the near future, agricultural planning and management clearly has to target economic drivers in order to be successful. Our study also showed a significant role of technological drivers that is (Kelloway 1998) confirmed by the results of a study conducted by Schneeberger et al. (2007) . Hence, it can be inferred that technological innovations were a key force that contributed in changing agricultural lands. Also in agricultural areas of the tropics, the importance of technological drivers has been recognized . Given the complexity of ALC drivers, the need for approaches that integrate socioeconomic, political, environmental and technological drivers are now widely recognized (Verburg et al. 2004; Dewan and Yamaguchi 2009) . These studies are important for gaining a deeper understanding of the complex relationships between drivers affecting ALC. This study showed that based on executive officers' view, the main identified economic driver was Bmore profitability of non-agriculture sectors^while based on SEM of ALC, Bweakness of network markets and marketing of agricultural productsŵ as the main economic factor. According to these results, we can say that since network markets and marketing of agricultural products in the study area are weak and agricultural products have consequently low prices, non-agriculture sectors are therefore more profitable. This has significant impact on agricultural products in general and farmer's motivation in particular. When farmers have to sell their products at low prices, their motivations for agricultural activities severely reduce. On the other hand, there is more profitability in non-agriculture sectors. This means, farmlands' owners will earn much from non-agricultural activities. All these people try to convert agricultural land to other uses to earn better job or more money. It often contributes to agricultural land use changes. Therefore, it can be concluded that these two drivers are the two sides of the same coin with positive correlations that can rise ALC. Market aspects have been repeatedly introduced as important drivers of ALC (e.g., Geist et al. 2006) . Findings of Azadi and Barati (2013) and Khakpor et al. (2007) confirm our result as they found that many farmers had to sell or separate their lands due to low profit and high risk of agricultural activities in comparison with selling the lands. Similarly, the results of Mehrabi et al. (2013) indicate that non-economic agricultural activities and increasing the land price are the most important ALC drivers.
According to the SEM and executive officer's view, Blow stability of policies and programs in the agricultural sector^, Bexcessive rising of land prices^, Bfarmers' income instability^, Bland fragmentation^, Burban sprawl^and Binheritance laws^are the other most important subsidiaries of ALC. These findings are not surprising, since the economic and political drivers are strongly interlinked. Changes and low stability of policies and programs in the agricultural sector basically affect economic factors such as land price and result in increasing or decreasing of land prices ). On the other hand, as already discussed, weakness of network markets and marketing of agricultural products influence farmers' income. As a result, farmers face instability with regard to the income. Such farmers will have a strong motivation to change the use of farmlands to other uses. Inheritance laws is another important driver which has indirect effects on ALC. Unfortunately, in Iran, farmlands in urban areas are usually divided between inheritors after the death of land owner; as a result agricultural lands are becoming smaller and smaller. This means land fragmentation has strongly been increased which is one of the main driving forces of ALC not only in the study area but also confirmed to be a determinant for ALC in other countries such as Ethiopia (Teshome 2014) , Nepal (Niroula and Thapa 2005) , Bangladesh (Dewan et al. 2012) , and Indonesia (FAO/RAP 2002). Consequently, because of the fact that agriculture in small size of land is not economically profitable, the possibility of agricultural lands to be converted to other uses is getting higher and higher. The effect of farm size as an internal driver of ALC has repeatedly discussed by Levia et al. (2000) and Azadi et al. (2011) . Moreover, one of the most important drives of ALC in this study is urban sprawl. Although land conversion for urban expansion is rapidly increasing, especially in mega-cities, around the word (Phuc et al. 2014) , the developed countries are more successful in managing urban development and ALC (Azadi et al. 2011) . However, in the developing countries (e.g., Iran), there is no suitable strategy for managing urban development. Therefore, urban development is associated with a kind of sprawl in these countries. According to many studies (Han and He 1999; Ho and Lin 2004; Lichtenberg and Ding 2008) , due to the fact that urban development in developing countries is not sustainable mainly because of lacking infrastructures for urban development, urban sprawl takes place in most of those countries and it plays an important role in ALC.
In sum, although there are many drivers for ALC with high complexity, the Beconomic^, Bpolitical^, Btechnological^, Bsocial^and Benvironmental^drivers are realized as the most important causes of ALC both in the view of policy makers and according to the results of the SEM analysis. The latter showed that Bmore profitability of non-agriculture sectors^, Bexcessive rising of land prices^, Bfarmers' income instability^, Bland fragmentation^, Burban sprawl^and Binheritance laws^are the main six subsidiary drivers of ALC although all drivers and subsidiaries are important. Therefore, it is important that land use policy-makers and planners conduct more studies to further explore these drivers. Moreover, to efficiently manage different developments and regional agricultural lands, a suitable land use policy should be developed to address both development targets and agricultural land conservation. Monitoring the ALC to non-agricultural land is also an important action that needs to be taken into consideration in decision-making process and implementations. Importantly, the establishment of effective monitoring systems according to the main factors identified in this study can raise the awareness of agricultural related issues amongst policy makers and management authorities at various levels of administration. It is important to note that with suitably concentrating on timely actions, effective policies can be considered as the first step toward the long-term commitment of the related authorities and governments to the sustainable use of agricultural lands in Iran. Future studies can focus on the issues of the interplay between the relevant socioeconomic and political factors, land prices and therefore actors in their construction activities that all may affect ALC. Since there is a number of factors influencing ALC, it is still needed to conduct more researches on determining the driving forces of ALC from a holistic point of view. Such researches should not only include the aspects analyzed in this study but also identify a separate category for cognitive drivers which are important to shed light on their in ALC status. Anyhow, one of the main sources of error in this study could be the similarity of work experience of the respondents. Thus, the heterogeneity of the respondents can be considered as a source of error which needs to be taken into account in future investigations. Furthermore, there is a need for future researches on identifying driving forces of ALC using GIS and RS data at a high spatial resolution, integrating both detailed maps of land use/land cover (sampling) and farm management data, and comparing them with the results of this study. In this way, there would be a good opportunity to supportively use the results from the officials' perspective as well as realities on the ground to enable us to create a useful tool for decision-makers, practitioners and policy-makers whose main recent concern is ALC.
